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i range (num_epochs):
grad = compute gradient(data, params)
params params — learning rate * grad
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np.random.shuffle(data)
example data:
grad = compute gradient(example, params)
params params — learning rate * grad
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np.random.shuffle(data)
batch radom_minibatches(data, batch size=32):
grad = compute gradient(batch, params)
params params — learning rate * grad
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Identity / flx)=x flla)=1

_ 0 for <0 s 0 for z#0
Einary step / f(.T) = { I 2 0 f (I)I}@ { ? for =0
Logistic fa.k a R 1
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LA (Overfitting)
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